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FMAFEZE (Similarity Search) :
> Gy RBERAE, i A AR S — R BE R B IE R (BONAE B B
22 All-Pairs Similarity Search)

> BEBIEER AR, Wi gdRe bR B s AR EEE (R4l
j#122 ) Nearest Neighbor Search)
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> RIS/ BT AREE /A

o & R D ©®
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© © Do

0]

Words: 22390 Characters: 141661

Test document: Big sample

Wikipedia

Source 1

Multilingualism is the use of more than one language, either by an individual speaker or
by a group of speakers. It is believed that multilingual speakers outnumber monolingual
speakers in the world's population. More than half of all Europeans claim to speak at least
one language other than their mother tongue; but many read and write in one language.
Always useful to traders, multilingualism is advantageous for people wanting to
participate in globalization and cultural openness. Owing to the ease of access to
information facilitated by the Internet, individuals' exposure to multiple languages is
becoming increasingly possible. People who speak several languages are also called
polyglots.

Source 2

In computing, internationalization and localization (American) or internationalisation
and localisation (BrE), often abbreviated i18n and LI0n, are means of adapting computer
software to different languages, regional peculiarities and technical requirements of a
target locale. Internationalization is the process of designing a software application so
that it can be adapted to various languages and regions without engineering changes.
Localization is the process of adapting internationalized software for a specific region or
language by translating text and adding locale-specific components. Localization

& Exclude URL © & checkByUrL Tx

o 152 0

™ 18% 82%
Unique Plagiarised

Download Report

Always useful to traders, multilin...
Multilingualism is the use of twoo... VX3

Itis believed that multilingual spe... {J¥%3

Internati ization is the pr 0.23%
L ization is the pi ofada.. NU¥EY4
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> HHIRE: Shazam APP (HREH A BI/NBE BEI TR )

6:287
<Search

My Shazam Discover
.

.
BUY SONGS PLAY ALL

Whisper To A Scream
(European Version;Bird...
e Icicle Works

My Shazam Discover

Tap to Shazam

Dead End Justice
The Runaways

Lose Control
Matt Simons

O 20, 201718108
Attitude, Belief &

Determination
Martin L Jr Dumas.
Oct 17, 2017, 08:13

How Do You Sleep?

LCD Soundsystem L o RECOMMENDED SONG
& iTunes

satellite Of Love Knee Socks

Lou Reed
iTunes Arctic Monkeys

!

Friction

Television
iTunes

16,2017, 11:54
Ghetto Defendant

The Clash
unes * Gengahr Shazamed

B Mi Satsrimereeemmmm— y y \ ———
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INAEE75=
> Va3 3E (collaborative filtering) : HEyE R S AR IE [R] —HE B P o0l ¥ o sk 53
HABARL ™ s AR D0 N B W 3K B s S EAE U P

COLLABORATIVE FILTERING CONTENT-BASED FILTERING

Read by both users

O Read by user

4
e

O=

Read by her,
recommended to him!

Fr Bt H Cameron Musco <COMPSCI 514 - Algorithms for Data Science>
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> SLAKFEHr (Entity Resolution) : M [R5 A RS £ Hh il ) WIR LS B3040 X v
N LS PNE Y

ID Name Telephone Address Items Purchased
233 | Angelica J. Jordan 334-555-0178 111 Spring Ln, Greenville, AL 5556, 7611

452 | Angie Jordan 202-555-5477 45 Krakow St, Washington, DC | 2297

699 | Andrew Jordan 334-555-0178 111 Spring Ln, Greenville, AL 1185, 2299, 3720
720 | Angie Jrodon 5556

821 | Angelica Jeffries Jordan | 202-555-5477 397 Hope Blvd, Greenville, AL 7611

XAn: &I RICE X T 7] —AN 05 )/ RAR R I
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> Bl /VedfE B (Spam/Fraud Detection) = HLURE -G AN (FHAURE =
W) HEBOES, WEPR RS (k- bk A 2= JEARBLY ) brdfk R At

Q S. Wightman

¥ ¢ ¥ ¢ ¥ Exceeded expectations and great value
April 201

Colour: Black - A109

1 bought these after my in-ear Beats gave out on me after 5 years. | was expecting the sound quality to
To my surprise, these sounded better than my beats and are very well made. After a month of use | hav
there are better headphones out there for all you audiophiles, but for the price these are fantastic. | do
tell.

Helpful v Comment  Report abuse

@ S. Wightman

¥ ¢ ¥r ¥ v Exceeded expectations and great value

3 April 2019
1 bought these after my in-ear Beats gave out on me after 5 years. | was expecting the sound quality to
To my surprise, these sounded better than my beats and are very well made. After a month of use | hav

there are better headphones out there for all you audiophiles, but for the price these are fantastic. | do
tell.

Helpful v Comment  Report abuse

@ AmazonCustomer

v v fr v #r Exceeded expectations and great value

3 April 2019
1 bought these after my in-ear Beats gave out on me after 5 years. | was expecting the sound quality to

To my surprise, these sounded better than my beats and are very well made. After a month of use | hav
there are better headphones out there for all you audiophiles, but for the price these are fantastic. | do
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14w 765 B2 R DL BE 2
> NRIEHPLE (Jaccard Similarity) : ZIEHANMESZHMBEE (—MES
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A 465 £ AE AL B P
> RFEMHPLE (Jaccard Similarity)
R ILR AL IR)

J(S,T) =
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qnAer g A ADLE ?
> NRPEMPE (Jaccard Similarity) « ZIH HAMES Z HHHEE (—MES
HRAERROLR AT H I IR)

SRER
JU :SUT:

SR RAEA
J(8,T) = J(vs, v) = i anlvst), vrly))

.max(vg(i),vr(i))

*vs (D), vr (DFREHEP R AEEE) TTRAFESATHH BRI
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G e A8 £ AEABL S

> RNFHEAHPLE (Jaccard Similarity) : Z|EHNMESZHPES (—MES
HIFEAERITCR A ILZIK)
> BKJLEAAIEE (Euclidean Distance) /1, fHE

i, y N AYESZECE WA, Blx,y € RY, B2 M BRR IR A -

1=1

Deuclz’dean(x7y) - ||CL’ - y||2 - \l Z(CL’(Z) _

Fr BUH Tim Roughgarden and Gregory Valiant <CS 168 - The Modern Algorithmic Toolbox>
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oA 1 e RH DL JEE 2
> RFEMMPE (Jaccard Similarity) : Z 1 FA~4EA 2 18] W B 5 (~/\’£/\
R TR AL IR)

o

mean! _
> BRJLHSH S (Euclidean Distance) /1,5 - i \“

Reviewer. 2

[B2¥diStance

Jogzlikelihoodiwithil
standardfgaussianierror

geodesicllengthlon!
alRiemannian
WwithlEuclideanitopology,

[ BE BTR A % vl n] - AR




MR

G e A8 £ AEABL S

> RNFHEAHPLE (Jaccard Similarity) : Z|EHNMESZHPES (—MES
HIFEAERITCR A ILZIK)
> BKJLEASIEE (Euclidean Distance) /1, A5

> LR

x, y HARETHE R NFEA R, Blx,y € RY, BAIZHNL, (p=1) BEEA:

d 1/p
I~ ol = (Z (i) - y<i>|p) |

Fr BUH Tim Roughgarden and Gregory Valiant <CS 168 - The Modern Algorithmic Toolbox>
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> INFREEMMEE (Jaccard Similarity) : ZIEHAMESZMBER (—MEE
R ST AVFH LK)
> WJLHEAIEE (Euclidean Distance) /I, HE

> L

i, yRAEIBCE MM BA R, Blx,y € R, BATZ L, (p = 1)1

d 1/p
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=1 y . iiw ~

WA 2
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7 -
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Q1T S AH ADLBEE
> INRPEMMUE (Jaccard Similarity) = ZIE MRS ZEBES (—MEE
HRFERI TR AL IR)
> BRJLHEAMEE (Euclidean Distance) /I, Z
> LR

#ix, y HAUEST R A AL, Blx,y € R, BAIZIAML, (p=1) HEEA:

d 1/p
o= il = (Z 2(0) - y<i>|p) .

Q p =18}, A" S
Q BEEPHR, llx — yll s RT3 4 [ x (D) — y () 15K 4 4E B 1 5200
O EXx—yllo = ml.aXIx(i) -yl
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> INFREEMMEE (Jaccard Similarity) : ZIEHAMESZMBER (—MEE
R ST AVFH LK)
> WJLHEAIEE (Euclidean Distance) /I, HE

> 1

BRI A Wy € R SR O = iR
d p P
||z —yll, = (Z |z (i) — y(z)|p)
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kiR (k-d tree/k-dimension tree)

19754 fHStanford AR} A4 Bentley 4 Hy B —FiRl T-HH AL R i £ d8 4544
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OB H RN Mt T 40#s S8R
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il B Ioannis Emiris <Computational Geometry Search in High dimension and kd-trees>
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YRR HE (Curse of dimensionality) : ZIREREBIRYEE IR B K

80

70 500
400
SR UCEL
300

200

100

0
0 0 2000 4000 6000 8000 100 1 3 5 ’J 9 n 13 15

BB IIIN BARdEfEd

A2 2 T RAER A S 38 R R DA R AE R AT R AR R

S 28 LY H Sham Kakade < CSE547/STAT548 - Machine Learning for Big Data>
e
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T YRS R AMGARAESS () (Pugn — 4/ =48) R LTk,  BLande w4 =S 1A 2 i EER P
P 2Z 1] 12 2R AP

Example 4.1 What is the largest number of points that fit in d-dimensional space, with
the property that all pairwise distances are in the interval [0.75, 1]7

]+ 3¢ H Tim Roughgarden and Gregory Valiant <CS 168 - The Modern Algorithmic Toolbox>
e
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T YRS R AMGARAESS () (Pugn — 4/ =48) R LTk,  BLande w4 =S 1A 2 i EER P
19 2 [1] 125 2R AP

Example 4.1 What is the largest number of points that fit in d-dimensional space, with
the property that all pairwise distances are in the interval [0.75, 1]?

e d = 1: At most 2 points have this property...if you try to fit a third point, at least one
of the 3 pairwise distances will be off.

e d = 2: At most 3 points have this property...if you try to fit a fourth point, at least
one of the 6 pairwise distances will be off.

e d = 100: You will be able to fit several thousand points!

e In general, you will be able to fit an exponential number of points (a quick calculation
shows that a random set of exp(v/d) will satisfy this property with high probability).

d = 100/, #EEAET DRI ZBHEE SEAPEE, AT K i E N B

5B H Tim Roughgarden and Gregory Valiant <CS 168 - The Modern Algorithmic Toolbox>
e
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N e
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RBIEAPCRI BRI, EEREE YR -
> WA EACHIERF, A H PRSP TR S/ ORI/
P Y TE 3R/ RPN ]/ R A B /A P 2
> A3 50050048 5 EEADISIE SEIEMEIE KA, AR A
B EE

X AERAE, RS T M DA U RE AL 2R Y 1)
HEkEYE (Dimensionality Reduction) : 875 423 ] HH i 2088 AR 4 2 1) e iy 25 s
T, FRR AT RE R B R AR 2 TR A A e ik o

X1,X9, .., X, ERE =%, %,,...,%, ER? (d K k)

RETHMEER, 75 OR B AR R 2 [) R AH X B
o
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Wk LB EM N (Euclidean Low Distortion Embedding)

WXy, ) Xy € RFRIRFZE 2 0, R FARAME,, .. X € RT (d KK -

A =alxi—xl, < [x =%, < A +)lxi - x|

Z,Vl,] =1,..,n.

FIRE . JeX R YEREx,, .. xn FEYE 1R2IX, . Xy, P FHRYER S5 IO DR R
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JLEEH ( Johnson - Lindenstrauss Transform) :
> 19844F HWilliam Buhmann Johnson EJoram Lindenstrauss# Hj

> A LT R L BRI 2R R [

poF] Extensions of Lipschitz mappings into a Hilbert space 26

WB Johnson, J Lindenstrauss - Contemporary mathematics, 1984 - a.pomf.se

In this note we consider the following extension problem for Lipschitz functions: Given a
metric space X and n= 2, 3, 4,...'estimate the smallest constant L= L (X, n) so that every~
pping f from every n-element subset of X into t 2 extends to a mapping f from X into t 2 with
(Here lI&lltip is the Lipschitz constant of the function g.) A classical result of Kirszbraun's [14,
p. 48] states that L (2, n)= 1 for all n, but it is easy to see that L (X, n)~~ as n~~ for many
metric spaces X. Marcus and Pisier [10] initiated the study of L (X, n) for X= Lp.(For brevity ...
¢ Save DY Cite Cited by 3481 Related articles All 3 versions
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1 As an example, let’s have
5 S = {103, 137, 166, 271, 314 }

h(271) h(314)

m2 1 1

0010000000100001000000000000010000000000

| | I
mFf HH h(103) h(166) h(137)

m-1

FEAnURLI L&
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Hil DY 3k F 2 1000 FH RIS Ay o 0K SREL Y BB A BA i A\ 0 38 Wit o BB v Bl s/ N 45 2R

JLEE ) REAE . R RTREAL A SR d X ke R /NI HERE R fe MBIt T 4 28 d E 5

dx kI A dx 1A %,

AT REAILAE B REA R AR B2

A = alx: = xll, < [I7 =%, = A+ llx: - xll,

FINRIEEIE  kx1a& x;
o
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fr(x) = (x,1) = Zxﬂ“j-

- k k BEEE
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AN HR R IR IE 7 A AL &
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SR ErR AN TERL (=1, .., k) EBEARHEIES 3NV (0, 1) BEHLIE R £,-(x) —
frDAXSFx — yRIAE AL

fr(x) = (x,1) = Z%‘Tj-

k- EBER ﬁ(
ny Zyﬂ‘ = Z(x.? Y; )T
\\
FEA T HB R IE 253 I BE AL B

KA AR A IEZ5 5340 Y BEALAE B B ANBURR AR R IEZS Al IEZS 0 0 e Joe

k

k
B R Y (25 — yy)ry BONIEZ A, WSRO0, Jih ) (x
j=1

=l

If X, Xo,...,X, are independent, then

Varlco + c1X1 + c2Xo + ... 4+ cnXn] = & Var[X1] + 3 Var[Xa] + . .. + 2 Var[X,]
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SR ErR AN TERL (=1, .., k) EBEARHEIES 3NV (0, 1) BEHLIE R £,-(x) —
frDAXSFx — yRIAE AL

fr(x) = (x,1) = Z%‘Tj-

k- EBER ﬁ(
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FEA T HB R IE 253 I BE AL B
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ML) Database-friendly random projections: Johnson-Lindenstrauss with binary

coins

D Achlioptas - Journal of computer and System Sciences, 2003 - Elsevier Theorem 1.1. Let P be an arbitrary set of n points in RY, represented as an n x d matrix A. Given
A classic result of Johnson and Lindenstrauss asserts that any set of n points in d- &, >0 let

dimensional Euclidean space can be embedded into k-dimensional Euclidean space— 4+28

where k is logarithmic in n and independent of d—so that all pairwise distances are ko = m logn

maintained within an arbitrarily small factor. All known constructions of such embeddings

involve projecting the n points onto a spherically random k-dimensional hyperplane through For integer k=>ko, let R be a d x k random matrix with R(i,j) = ry, where {r;} are independent

the origin. We give two constructions of such embeddings with the property that all elements ... | Fandom variables from either one of the following two probability distributions:

Y Save D9 Cite Cited by 1465 Related articles All 11 versions +1  with probability 1/2, )
rii =
v —1  with probability 1/2,

+1  with probability 1/6,
ry= V3 x{ 0 with probability 2/3, (2)
—1  with probability 1]6.

Let

1
E=—AR
Vk

and let f : R >R map the ith row of A to the ith row of E.
With probability at least 1 — n™F, for all u,ve P

(1= &)lJu—olP<||f () = f )P < +e)lJu—o]|*.
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