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roF] Principal component analysis
H Abdi, LJ Williams - Wiley interdisciplinary reviews ..., 2010 - Wiley Online Library

Principal component analysis (PCA) is a multivariate technique that analyzes a data table in
which observations are described by several inter-correlated quantitative dependent ...
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Principal component analysis
S Wold, K Esbensen, P Geladi - Chemometrics and intelligent laboratory ..., 1987 - Elsevier

Principal component analysis of a data matrix extracts the dominant patterns in the matrix in
terms of a complementary set of score and loading plots. It is the responsibility of the data ...
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HTML] Genes mirror geography within Europe

J Novembre, T Johnson, K Bryc, Z Kutalik, AR Boyko... - Nature, 2008 - nature.com

... levels of genetic differentiation among Europeans, we find a close correspondence between
genetic and geographic distances; indeed, a geographical map of Europe arises naturally ...
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Lo AL

A DA DA A4~ N R DR 4 B At ) 1 A g e 2

HTML] Genes mirror geography within Europe

J Novembre, T Johnson, K Bryc, Z Kutalik, AR Boyko... - Nature, 2008 - nature.com

... levels of genetic differentiation among Europeans, we find a close correspondence between
genetic and geographic distances; indeed, a geographical map of Europe arises naturally ...
Y% Save DY Cite Cited by 1596 Related articles All 53 versions

SAMT1387 A WU N B EE R B, B R NI RE I ZH 120 75 4 SNPRL L (5 K AR RAL BIAL 1)

quAar A 85340 e ?




Lo AL

A DA DA A4~ N R DR 4 B At ) 1 A g e 2

HTML] Genes mirror geography within Europe

J Novembre, T Johnson, K Bryc, Z Kutalik, AR Boyko... - Nature, 2008 - nature.com

... levels of genetic differentiation among Europeans, we find a close correspondence between
genetic and geographic distances; indeed, a geographical map of Europe arises naturally ...
Y% Save DY Cite Cited by 1596 Related articles All 53 versions

SAMT1387 A WU N B EE R B, B R NI RE I ZH 120 75 4 SNPRL L (5 K AR RAL BIAL 1)

Hm = 1387,n = 200000,k = 2




Lo AL

Hm = 1387,n = 200000,k = 2

B RSB (BRI B R 5
ZEFEE BRAR S5 E B0

& H-BX HJ. Novembre, et al. <Genes mitrror geography within Europe>




Lo AL

Hm = 1387,n = 200000,k = 2

ER v v & P

@ @ " TUMEZKMADDIREEELE, I

i PR S CL 5 T I MU
T T GREE AR ABGRECT R0, 4

;;{I Vo Fir

f
5 o
GH 1T
CH
Cvi

& H-BX HJ. Novembre, et al. <Genes mitrror geography within Europe>

BAW ERBE)




o R 4

B e RR AT R4, TR

Eigenfaces for recognition
M Turk, A Pentland - Journal of cognitive neuroscience, 1991 - direct.mit.edu

We have developed a near-real-time computer system that can locate and track a subject's
head, and then recognize the person by comparing characteristics of the face to those of ...
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Dataset For each face there should be a few training examples =
/ —
‘\ ‘ // E,\ —
) :; »
MIIMMMMOIIMDMMTUEOYU
What the computer sees
N x M matrix
NM x 1 vector |—
. =
All faces should be centered R Grosse @ i 6F Tkt L

GRS J R L ) 2

& #] B H Imdad Ullah Khan <Lecture Notes for Big Data Analytics - Principle Component Analysis> % Z1 {4 4711 S5
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Top eigenvectors: ui,. .., u; (visualized as images - eigenfaces)

Mean face x
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& 5| B § Imdad Ullah Khan <Lecture Notes for Big Data Analytics - Principle Component Analysis>
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-2076* -1.046 * 2127+ 0.037 *

TrainingFace
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