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J. Serrino et al, “Finding Friend and Foe in Multi-Agent Games”, NeurIPS 2019
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(a) 18:00-18:10, evening peak (b) 09:00-09:10, after morning peak

EAR T3] D Z Xu, et al., “Large-scale order dispatch in on-demand ride-hailing
platforms: A learning and planning approach,” KDD 2018.
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